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Cluster resonance states in 12C [Z. Cheng, M. Lyu et al., PLB 864, 139397 (2025)]
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Resolving bump states of 1YBe [J. Tian, M. Lyu, Z. Cheng, et al, PLB 862, 139338 (2025)]
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Resolving cluster states of 1/2\B [Z. Liu, J. Tian, M. Lyu, et al., PRC 112, 034314 (2025)]
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Resolving bump states of '}Be [Z. Liu, J. Tian, M. L., et al., PRC 112, 034314 (2025)]
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Spectrum of °B by CtrLNN (5%, MRFBERICIK)
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Spectrum of 10Bge by Ctrl.NN (Preliminary)
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